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Abstract

We present SemEval-2026 Task 9, a shared task
on online polarization detection, covering 22
languages and comprising over 110K annotated
instances. Each data instance is multi-labeled
with the presence of polarization, polarization
type, and polarization manifestation. Partici-
pants were asked to predict labels in three sub-
tasks: (1) detecting the presence of polariza-
tion, (2) identifying the type of polarization,
and (3) recognizing the polarization manifesta-
tion. The three tasks attracted over 1,000 par-
ticipants worldwide and more than 10k submis-
sions on Codabench. We received final submis-
sions from 67 teams and 69 system description
papers. We report the baseline results and ana-
lyze the performance of the best-performing
systems, highlighting the most common ap-
proaches and the most effective methods across
different subtasks and languages. The dataset
and other resources for this task are publicly
available.1

1 Introduction

Online polarization, defined as sharp division and
antagonism between social, political, or identity

1https://polar-semeval.github.io/

groups, has become a pervasive threat to demo-
cratic institutions, civil discourse, and social co-
hesion worldwide (Waller and Anderson, 2021).
It is often fueled by biased or inflammatory con-
tent in digital media, strengthening echo chambers
and undermining mutual understanding (Garimella,
2018). Polarized discourse amplifies ideological di-
vides and can escalate into hate speech, harassment,
and real-world violence (Piazza, 2023; Martı́nez-
España et al., 2024). Therefore, early detection of
polarization is essential for designing interventions
that promote healthier online ecosystems.

In this shared task, we provide participants with
POLAR, a large-scale, multilingual, multicultural,
and multi-event dataset for fine-grained polariza-
tion detection (Naseem et al., 2026). The task chal-
lenges participants to develop systems that can au-
tomatically detect and classify polarized content
across multiple languages, cultural contexts, and
event types. POLAR covers 22 languages span-
ning seven language families and comprises over
110,000 annotated instances (see Figure 1 for the
geographic and linguistic diversity represented).
Table 1 presents the data distribution across the
train, development, and test splits. This shared task
supports three complementary subtasks:
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