Generating Multiple
Objects at Spatially
Distinct Locations

Generated digits when trained with images containing digits only in the top half
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Generate objects with multiple characteristics

BEN ™ N R e

Generalization - Color

R g S e

INTRO

e one challenge with Generative Adversarial

Nets is that it is hard to control the layout of
the generated scenes
e a popular approach for increased control is
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to use scene layouts as additional input, A couple of computer

monitors sitting on
top of a wooden desk

The young man is
set to snowboard at
this skiing location

A sandwich with
meat, vegetables
and dressing is

Adjacent computer
screens near the
keyboard show

e

A busy street is full
of cars and a bus

however, this requires a lot of labeling

* ourapproach only needs a bounding box
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